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facebook/wav2vec2-base-960h: % CTC #ifay3EiE7 3 A,

import torch
from transformers import Wav2Vec2Processor, Wav2Vec2ForCTC
import soundfile as sf

model_id = "facebook/wav2vec2-base-960h"

processor = Wav2Vec2Processor.from_pretrained(model_id)

model = Wav2Vec2ForCTC.from_pretrained(model_id)

model.eval()

speech, sr = sf.read("audio.wav", dtype="float32")

assert sr = 16000 and speech.ndim = 1, "Need 16 kHz mono audio"

inputs = processor(speech, sampling_rate=sr,
return_tensors="pt")

with torch.no_grad():

logits = model(**inputs).logits
pred_ids = torch.argmax(logits, dim=-1)
print(processor.batch_decode(pred_ids)[0])
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Hi, I'm Qwen, your helpful assistant.
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target languages specifed 1D Saya mau kirim rekaman ke DingTalk.
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[ Prompt: @ e +™® o EN Please compare Quen with Paraformer.
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